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¥ 1. Office o] T3 =l S Ayx

AD AW DW

Source  Method W D A Avg.

Source-best 96.3 984 625 857

Sinal Source-worst 75.6 809 620 728
ingle

9 Distune [7]-best 981 987 731 90.0

Dis-tune [7]-worst 85.1 91.0 724 828

. Dis-tune [7]-Ens 959 984 63.3 8538
Multiple

Ours 96.1 99.6 673 87.7
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3% 2. Office-Home °l] w3t =vQl 45 A
Ar,Cl,Pr Ar,CI,Rw Ar,PrRw CI,Pr,Rw

Source Method RW pr =l oA Avg.

Source-best 74.1 78.9 46.2 65.8 66.3

single Source-worst 64.8 62.8 40.9 55.3 55.5

Dis-tune [7]-best  80.5 83.1 54.1 69.1 71.7

Distune [7]-worst  76.7 75.1 47.6 60.7 65.0

. Dis-tune [7]-Ens ~ 80.7 76.9 52.9 70.0 70.1
Multiple

Ours 81.3 79.6 51.9 69.9 70.7
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